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Al / Machine Learning CTA / Managed Futures
Hedge Fund Index Hedge Fund Index Trend Following Index Hedge Fund Index
2011 14.10% 2.33% 0.71% (1.75%)
2012 (1.80%) 2.66% (1.86%) 7.34%
2013 10.34% 0.55% 1.02% 9.24%
2014 7.64% 9.66% 13.44% 4.89%
2015 16.40% (0.31%) (2.18%) 1.78%
2016 5.01% 1.15% (0.62%) 4.48%
5 year annualised returns 7.35% 2.68% 1.80% 5.51%
5 year annualised volatility 4.95% 4.18% 7.13% 3.20%
5 year Sharpe Ratio
(RER=1%) 1.28 0.40 0.11 1.41
3 year annualised returns 9.57% 3.41% 3.31% 3.71%
3 year annualised volatility 5.61% 4.63% 7.78% 3.03%
3 year Sharpe Ratio
(RFR=1%) 1.53 0.52 0.30 0.89
2 year annualised returns 10.65% 0.42% (1.40%) 3.12%
2 year annualised volatility 6.31% 4.90% 8.07% 3.31%
2 year Sharpe Ratio 151 (0.12) (0.30) 0.64

(RFR=1%)
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