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ʀʥʦʚʘʮʠʠ, ʢʦʠʪʦ ʚʦʜʷʪ ʢʣʠʝʥʪʠʪʝ ʥʠ ʢʲʤ 

ʚʲʨʭʘ 



źƟƝƤƯƧ Ɯƕƙ 

ɼʦʮ. ʜ-ʨ ɽʤʘʥʫʠʣ ɸʪʘʥʘʩʦʚ, 
ʨʲʢʦʚʦʜʠʪʝʣ ʥʘ ʦʪʜʝʣʘ ʟʘ ʛʨʠʜ ʪʝʭʥʦʣʦʛʠʠ ʠ 

ʧʨʠʣʦʞʝʥʠʷ ʚ ʀʥʩʪʠʪʫʪʘ ʧʦ ʠʥʬʦʨʤʘʮʠʦʥʥʠ ʠ 

ʢʦʤʫʥʠʢʘʮʠʦʥʥʠ ʪʝʭʥʦʣʦʛʠʠ ʢʲʤ ɹɸʅ 

 

ʇʨʦʬ. ʜ-ʨ ɼʞʠʭʘʜ ʝʣ-ʉʘʥa, 

ʜʝʢʘʥ ʥʘ ʌʘʢʫʣʪʝʪʘ ʟʘ ʠʥʬʦʨʤʘʮʠʦʥʥʠ ʪʝʭʥʦʣʦʛʠʠ 

ʧʨʠ ʫʥʠʚʝʨʩʠʪʝʪʘ Ăɹʝʥ ɻʫʨʠʦʥñ ʚ ɹʝʝʨ ʐʝʚʘ, ʀʟʨʘʝʣ 

 

ɸʩ. ʧʨʦʬʝʩʦʨ ɺʣʘʜʠʤʠʨ ʍʠʟʘʥʦʚ, 

ʂʠʝʚ, ʋʢʨʘʡʥʘ 

ɼ-ʨ ɼʞʦʨʜʞ ʂʦʫʨ, 
IBM ʀʟʨʘʝʣ 

 

ɸʩ. ʧʨʦʬʝʩʦʨ ɹʦʡʢʦ ʇʝʨʬʘʥʦʚ, 

ʂʘʪʝʜʨʘ ʧʦ ʨʦʙʦʪʠʢʘ ʚ ʋʥʠʚʝʨʩʠʪʝʪʘ Ăʃʫʠʟʠʘʥʘñ ʠ 

ʢʦʣʝʞʘ Ăʌʨʘʥʢʣʠʥ ʠ ʄʘʨʰʘʣñ, ʇʝʥʩʠʣʚʘʥʠʷ 

 

ɾʘʨʢʦ ɸʩʝʥʦʚ, 

ʦʩʥʦʚʘʪʝʣ ʠ ʩʦʙʩʪʚʝʥʠʢ ʥʘ ʧʨʦʝʢʪʘ 



ŽƜƟƨƦƧƗƚƢ ƝƢƧƚƠƚƟƧ 
ʢʦʤʧʶʪʲʨʥʠ ʩʠʩʪʝʤʠ, ʩʧʦʩʦʙʥʠ ʜʘ ʠʟʧʲʣʥʷʚʘʪ ʟʘʜʘʯʠ, 

ʟʘ ʢʦʠʪʦ ʦʙʠʢʥʦʚʝʥʦ ʩʝ ʠʟʠʩʢʚʘ ʯʦʚʝʰʢʠ ʠʥʪʝʣʝʢʪ. 

ɺʢʣʶʯʚʘ ʢʦʛʥʠʪʠʚʥʠ ʩʲʞʜʝʥʠʷ, ʢʦʛʥʠʪʠʚʥʘ 

ʘʥʛʘʞʠʨʘʥʦʩʪ ʠ ʢʦʛʥʠʪʠʚʥʘ ʘʚʪʦʤʘʪʠʟʘʮʠʷ. 

 

Machine Learning  
ʚʠʜ ʠʟʢʫʩʪʚʝʥ ʠʥʪʝʣʝʢʪ; ʧʨʠʣʘʛʘ ʧʨʠʥʮʠʧʠʪʝ ʥʘ 

ʢʦʤʧʶʪʲʨʥʘʪʘ ʥʘʫʢʘ ʠ ʩʪʘʪʠʩʪʠʢʘʪʘ ʟʘ ʩʲʟʜʘʚʘʥʝ ʥʘ 

ʤʦʜʝʣʠ, ʢʦʠʪʦ ʩʝ ʠʟʧʦʣʟʚʘʪ ʟʘ ʙʲʜʝʱʠ ʧʨʦʛʥʦʟʠ (ʥʘ 

ʙʘʟʘʪʘ ʥʘ ʜʘʥʥʠ ʠʣʠ Big Data) ʠ ʦʪʢʨʠʚʘʥʝ ʥʘ ʤʦʜʝʣʠ ʚ 

ʜʘʥʥʠʪʝ. 



 

ʑʝ ʜʦʚʝʜʝ ʜʦ ʢʦʨʝʥʥʠ ʧʨʦʤʝʥʠ 
 

ʅʝ ʝ ʥʝʱʦ ʥʦʚʦ 

 

ɺʝʯʝ ʩʝ ʩʣʫʯʚʘ 

ŽƜƟƨƦƧƗƚƢƝƴƧ ƝƢƧƚƠƚƟƧ ƤƥƣơƚƢƴ ƟƣƥƚƢƢƣ ƩƝƢƕƢƦƣƗƝƴ 
ƦƚƟƧƣƥ 

 

45% ƣƧ ƩƝƥơƝƧƚ 
 ʩʤʷʪʘʪ, ʯʝ ʀʟʢʫʩʪʚʝʥʠʷʪ ʠʥʪʝʣʝʢʪ 

ʱʝ ʩʝ ʧʨʝʚʲʨʥʝ ʚ ʥʝʱʦ ʤʘʩʦʚʦ  

ʜʦ 2 ʛʦʜʠʥʠ 

 

48% ƣƧ ƩƝƥơƝƧƚ 
 ʩʤʷʪʘʪ, ʯʝ ʮʝʣʠʷʪ ʙʠʟʥʝʩ ʠ ʠʥʜʫʩʪʨʠʷʪʘ / 

ʝʢʦʩʠʩʪʝʤʘʪʘ ʱʝ ʙʲʜʘʪ ʩʝʨʠʦʟʥʦ ʟʘʩʝʛʥʘʪʠ ʦʪ 

ʀʟʢʫʩʪʚʝʥʠʷ ʠʥʪʝʣʝʢʪ 

 

91% ƣƧ ƩƝƥơƝƧƚ 
 ʩʘ ʯʫʚʘʣʠ ʟʘ ʀʟʢʫʩʪʚʝʥ 

ʠʥʪʝʣʝʢʪ ʧʨʝʜʠ 2015 ʛ. 

ʀʟʪʦʯʥʠʢ: Deloitte-EFMA, 2017 

91% 48% 45% 



ŽƜƟƨƦƧƗƚƢƝƴƧ ƝƢƧƚƠƚƟƧ Ʈƚ ƢƕƗƠƚƜƚ ơƕƦƣƗƣ ƗƯƗ 
ƩƝƢƕƢƦƣƗƕƧƕ ƝƢƙƨƦƧƥƝƴ 

ʀʟʪʦʯʥʠʢ: Deloitte-EFMA, 2017 

ʆʙʩʣʫʞʚʘʥʝ 

ʥʘ ʢʣʠʝʥʪʠ 

Back Office ʌʠʥʘʥʩʦʚʠ 

ʩʲʚʝʪʥʠʮʠ 

ɿʘʩʠʯʘʥʝ ʥʘ 

ʠʟʤʘʤʠ 

ʋʧʨʘʚʣʝʥʠʝ 

ʥʘ ʨʠʩʢʘ 

65% 

52% 
42% 

31% 29% 



 

 

ʈʝʟʫʣʪʘʪʠʪʝ ʥʘ Machine Learning Hedge Fund Index ʥʘ Eurekahedge ʩʧʨʷʤʦ ʪʨʘʜʠʮʠʦʥʥʠʪʝ ʭʝʜʞ 

ʬʦʥʜʦʚʝ ʟʘ ʧʝʨʠʦʜʘ 2010-2016 ʛʦʜʠʥʘ. ʀʥʜʝʢʩʲʪ ʩʣʝʜʠ 23 ʭʝʜʞ ʬʦʥʜʘ, 12 ʦʪ ʢʦʠʪʦ ʧʨʦʜʲʣʞʘʚʘʪ ʜʘ 

ʩʲʱʝʩʪʚʫʚʘʪ. AI/Machine Learning ʭʝʜʞ ʬʦʥʜʦʚʝʪʝ ʧʨʦʜʲʣʞʘʚʘʪ ʜʘ ʩʝ ʧʨʝʜʩʪʘʚʷʪ ʧʦ-ʜʦʙʨʝ ʦʪ 

ʪʨʘʜʠʮʠʦʥʥʠʪʝ quant ʬʦʥʜʦʚʝ ʠ ʩʨʝʜʥʦʩʪʘʪʠʩʪʠʯʝʩʢʠʪʝ ʭʝʜʞ ʬʦʥʜʦʚʝ ʦʪ 2010 ʛ., ʢʘʪʦ ʛʦʜʠʰʥʘʪʘ ʠʤ 

ʚʲʟʚʨʲʱʘʝʤʦʩʪ ʟʘ ʧʝʨʠʦʜʘ ʝ 8,44% ʩʧʨʷʤʦ 2,62%, 1,62% ʠ 4,27% ʩʲʦʪʚʝʪʥʦ ʟʘ CTA, trend followers ʠ 

ʛʣʦʙʘʣʥʠʪʝ ʭʝʜʞ ʬʦʥʜʦʚʝ. 

  



ƅƚƜƨƠƧƕƧƝ Ɨ ƫƝƩƥƝ -  Performance in numbers ǅ 
ʠʥʜʝʢʩ ʥʘ AI/Machine Learning ʭʝʜʞ ʬʦʥʜʦʚʝ ʩʧʨʷʤʦ Quant ʠ ʪʨʘʜʠʮʠʦʥʥʠʪʝ ʭʝʜʞ ʬʦʥʜʦʚʝ 

AI / Machine Learning 

Hedge Fund Index 
 

CTA / Managed Futures 

Hedge Fund Index 
 

Trend Following Index 
 

Hedge Fund Index 
 

2011 14.10% 2.33% 0.71% (1.75%) 

2012 (1.80%) 2.66% (1.86%) 7.34% 

2013 10.34% 0.55% 1.02% 9.24% 

2014 7.64% 9.66% 13.44% 4.89% 

2015 16.40% (0.31%) (2.18%) 1.78% 

2016 5.01% 1.15% (0.62%) 4.48% 

5 year annualised returns 7.35% 2.68% 1.80% 5.51% 

5 year annualised volatility 4.95% 4.18% 7.13% 3.20% 

5 year Sharpe Ratio 

(RFR=1%) 
1.28 0.40 0.11 1.41 

3 year annualised returns 9.57% 3.41% 3.31% 3.71% 

3 year annualised volatility 5.61% 4.63% 7.78% 3.03% 

3 year Sharpe Ratio 

(RFR=1%) 
1.53 0.52 0.30 0.89 

2 year annualised returns 10.65% 0.42% (1.40%) 3.12% 

2 year annualised volatility 6.31% 4.90% 8.07% 3.31% 

2 year Sharpe Ratio 

(RFR=1%) 
1.51 (0.12) (0.30) 0.64 



 

 

ƄƣƠƜƝ Ɯƕ ƩƝƢƕƢƦƣƗƝƧƚ ƝƢƦƧƝƧƨƫƝƝ ƣƧ ƗƢƚƙƥƴƗƕƢƚƧƣ Ɲ 
ƝƜƤƣƠƜƗƕƢƚƧƣ Ƣƕ AI/ML  ƧƚƪƢƣƠƣƘƝƝ 

 

ʇʨʝʮʠʟʥʦʩʪ 

ʠ ʙʲʨʟʠʥʘ 

ʂʨʘʯʢʘ ʧʨʝʜ 

ʢʦʥʢʫʨʝʥʮʠʷʪʘ 

SaaS ʚʤʝʩʪʦ ʝʢʠʧ ʦʪ 

ʥʘʝʪʠ ʩʪʘʪʠʩʪʠʮʠ ʠ 

ʘʥʘʣʠʟʘʪʦʨʠ 

ʆʧʪʠʤʠʟʠʨʘʥʝ 

ʥʘ ʨʘʟʭʦʜʠʪʝ 



 

 

ƄƣƠƜƝ Ɯƕ ƟƠƝƚƢƧƕ ƣƧ ƗƢƚƙƥƴƗƕƢƚƧƣ Ɲ ƝƜƤƣƠƜƗƕƢƚƧƣ Ƣƕ 
AI/ML  ƧƚƪƢƣƠƣƘƝƝ 

ʇʦ-ʢʘʯʝʩʪʚʝʥʘ 

ʫʩʣʫʛʘ 

ʇʦ-ʥʠʩʢʘ ʮʝʥʘ ʥʘ 

ʢʨʘʡʥʠʷ ʧʨʦʜʫʢʪ 

ʇʝʯʘʣʙʘ 



ɺʩʷʢʘ ʢʦʤʧʘʥʠʷ ʠʟʧʦʣʟʚʘ ʜʘʥʥʠʪʝ ʩʠ ʧʦ ʫʥʠʢʘʣʝʥ ʥʘʯʠʥ. ɽʪʦ ʟʘʱʦ ʥʠʝ ʩʲʟʜʘʚʘʤʝ ʠʥʜʠʚʠʜʫʘʣʥʠ 

ʨʝʰʝʥʠʷ ʟʘ ʘʥʘʣʠʟ ʥʘ ʜʘʥʥʠ, ʧʦʜʩʠʣʚʘʤʝ ʛʠ ʩ ʤʝʪʦʜʠʪʝ ʥʘ machine learning ʠ ʜʦʙʘʚʷʤʝ ʩʪʦʡʥʦʩʪ 

ʢʲʤ ʜʘʥʥʠʪʝ ʥʘ ʥʘʰʠʪʝ ʢʣʠʝʥʪʠ. ʈʘʟʧʦʣʘʛʘʤʝ ʩ ʠʥʩʪʨʫʤʝʥʪʠʪʝ, ʢʦʠʪʦ ʤʦʛʘʪ ʜʘ ʙʲʜʘʪ ʧʨʠʣʦʞʝʥʠ 

ʟʘ ʚʩʷʢʦ ʨʝʰʝʥʠʝ, ʜʦʢʘʪʦ ʢʣʠʝʥʪʠʪʝ ʥʠ ʟʘʧʘʟʚʘʪ ʢʦʥʪʨʦʣ ʥʘʜ ʠʥʬʦʨʤʘʮʠʷʪʘ ʩʠ ʠ ʥʘʯʠʥʘ, ʧʦ 

ʢʦʡʪʦ  ̫ʠʟʧʦʣʟʚʘʪ ʟʘ ʧʦ-ʜʦʙʨʠ ʙʠʟʥʝʩ ʨʝʟʫʣʪʘʪʠ. 

ŽƢƙƝƗƝƙƨƕƠƢƝ ƥƚƭƚƢƝƴ 



ʅʘʡ-ʧʨʝʮʠʟʥʠʷʪ ʠ ʥʘʡ-ʙʲʨʟ ʩʦʬʪʫʝʨ ʥʘ ʩʚʝʪʦʚʥʠʷ ʧʘʟʘʨ ʟʘ 

ʧʨʝʜʚʠʞʜʘʥʝ ʥʘ ʚʨʝʤʝʚʠ ʨʝʜʦʚʝ (time series) 

 

ʇʨʠʣʦʞʝʥʠʝ ʥʘ ʠʟʢʫʩʪʚʝʥʠʷ ʠʥʪʝʣʝʢʪ ʚ ʩʬʝʨʘʪʘ ʥʘ ʬʠʥʘʥʩʦʚʠʪʝ 

ʫʩʣʫʛʠ; ʧʨʝʮʠʟʥʠ ʧʨʝʜʚʠʞʜʘʥʠʷ ʚ ʨʝʘʣʥʦ ʚʨʝʤʝ  

 

ʅʘʡ-ʤʦʜʝʨʥʠʪʝ ʤʝʪʦʜʠ ʦʪ ʩʪʘʪʠʩʪʠʢʘʪʘ ʠ ʩʘʤʦʦʙʫʯʝʥʠʝʪʦ ʥʘ ʤʘʰʠʥʠ, 

ʩʲʙʨʘʥʠ ʚ ʝʜʠʥ ʩʦʬʪʫʝʨʝʥ ʧʨʦʜʫʢʪ. ʅʘʡ-ʥʦʚʠʪʝ ʪʝʦʨʠʠ ʚ ʪʘʟʠ ʦʙʣʘʩʪ, 

ʧʨʠʣʦʞʝʥʠ ʚ ʧʨʘʢʪʠʢʘʪʘ. 

 

 

 

1 

2 

3 



ƇƚƪƢƝƬƚƦƟƕ ƚƟƦƤƚƥƧƝƜƕ 

ŵƠƘƣƥƝƧơƝ Ɲ 
ơƣƙƚƠƝ 
ʈʝʛʨʝʩʠʦʥʥʠ ʤʦʜʝʣʠ  

ʉʢʨʠʪʠ ʤʦʜʝʣʠ ʥʘ ʄʘʨʢʦʚ 

ʄʝʪʦʜ ʥʘ ʦʧʦʨʥʠʪʝ ʚʝʢʪʦʨʠ (SVM), ʂʘʣʤʘʥ ʬʣʪʲʨ, 

ʨʘʟʥʦʦʙʨʘʟʥʠ ʂʝʨʥʝʣ ʤʝʪʦʜʠ 

Dimensionality Reduction ʘʣʛʦʨʠʪʤʠ (PCA LDA SVD)  

ɼʝʢʦʤʧʦʟʠʮʠʷ (EMD HHT NFFT DWT SWT) 

RBM ʠ Deep Learning (RNN CNN LSTM)  

ɸʥʩʘʤʙʣʦʚʠ ʘʣʛʦʨʠʪʤʠ 

Reinforcement Learning ʘʣʛʦʨʠʪʤʠ  

ɼʲʨʚʦ ʥʘ ʨʝʰʝʥʠʷʪʘ ʠ Decision Trees and Random Forest 

ʢʣʲʩʪʝʨʠʨʘʥʝ ʥʘ ʠʟʢʫʩʪʚʝʥʠ ʥʝʚʨʦʥʥʠ ʤʨʝʞʠ 

źƜƝƫƝ Ɲ ƝƢƝƦƧƥƨơƚƢƧƝ 
Ɯƕ ƤƥƣƘƥƕơƝƥƕƢƚ 
 

R Python Matlab 

Java Mahout Lucene 

C++ OpenCL MPI 

Azure Machine Learning 



ƄƥƣƘƢƣƜƝ Ƣƕ ƖƕƜƕƧƕ Ƣƕ 
ƝƦƧƣƥƝƬƚƦƟƝ ƙƕƢƢƝ Ɨ ƥƚƕƠƢƣ 
Ɨƥƚơƚ 
ɺʘʣʫʪʥʘ ʪʲʨʛʦʚʠʷ ï ʜʚʠʞʝʥʠʝ ʥʘ ʮʝʥʠʪʝ ʥʘ 

ʧʘʟʘʨʘ; ʚʘʣʫʪʥʠ ʜʚʦʡʢʠ ʠ ʩʲʙʠʨʥʠ ʠʥʜʝʢʩʠ. 

ʇʨʝʜʩʢʘʟʘʥʠʷ ʟʘ ʠʥʜʠʢʘʪʦʨʠ (ʚʦʣʘʪʠʣʥʦʩʪ, 

ʧʝʨʠʦʜʠʯʥʠ ʪʨʝʥʜʦʚʝ) ʠ ʭʘʨʘʢʪʝʨʠʩʪʠʢʠ ʥʘ 

ʤʘʨʢʝʪʘ (commitment of traders, ʚʦʣʫʤʝʥ ʥʘ 

ʪʲʨʛʦʚʠʷ) 

ʂʨʠʧʪʦʚʘʣʫʪʠ ï ʩʲʦʪʥʦʰʝʥʠʝ ʥʘ ʮʝʥʠʪʝ ʤʝʞʜʫ 

ʨʘʟʣʠʯʥʠ ʢʨʠʧʪʦ ʪʦʢʝʥʠ 

ʇʨʝʜʩʢʘʟʘʥʠʷ ʟʘ ʥʘʚʠʢʠʪʝ, ʦʯʘʢʚʘʥ ʧʨʦʤʝʪ ʚ 

ʟʘʜʘʜʝʥ ʧʝʨʠʦʜ ʠ ʥʫʞʜʠʪʝ ʥʘ ʢʣʠʝʥʪʠʪʝ ʚ 

ʦʧʨʝʜʝʣʝʥ ʧʝʨʠʦʜ 

 

 

 

 

 

 

 

 

 


